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0.96 - 0.9 A

"user" connects messages posted by same user within and across

0.86 -
0.92 -

threads : o3+ - Model 1

Mechanisms for incorporating similarity functions and 0s | e
reasoning about sets
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Truth values are relaxed to soft truth in [0,1]

Maximum Likelihood weight learning via voted perceptron Messages — My, My Model 2 outperforms Model 1 and SVM

Continuous probability distribution over truth values: Local Rules
QUESTION(M7) A FIRSTMESSAGE (M) = SINK(M>)

) ANSWER(M7) A LASTMESSAGE(M7) = SOURCE(M; )

PSL network rules take advantage of predictions generated by
SVM model, propagate beliefs across network better

TASK(Mj) = SOURCE(M;)

Network Rules Discussion/Future Work
P the PSL program  6{r): set of all groundings of rule r SAMETHREAD(Ml’ MQ) A SAMEUSER(Ml’ Mz) A SINK(Ml) = SINK(MQ) = PSL network rules provide convenient and effective means

w, : weight of rule r ¢(x) : truth value of grounding g —SAMETHREAD(Mj, My) A SAMEUSER(My, My) A SINK(M;) = SINK(Ms) to model relationships in online discussion domain

Software: http://psl.umiacs.umd.edu REPLY(M1, Mz) /\ SINK(MQ) A ﬂSAMEUSER(Ml, MQ) = SOURCE( M2> o Moqlel can b_e .extgnded to _in_fer student's un_derst_anding of
subject, participation, credibility of answers in online forums

Pr(x) = L exp ( Y w1 - t(x))
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